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log { Normal density }
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Parameters in the SSasymp model




Parameters in the SSasympOff model




Parameters in the SSasympOrig model




Components of the SShiexp model
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merge(dl, d2, d3, d4) |-> dendrogram with a 4-split
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heatmap(<Mtcars data>, ..., scale = "‘column”)
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Isotonic regression isoreg(x = ¢(1, 0, 4, 3, 3, 5, 4, 2, 0))
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Isotonic regression isoreg(x = ¢(1, 0, 4, 3, 3, 5, 4, 2, 0))
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Isotonic regression isoreg(x = 2(1:9),y =c(1, 0, 4, 3, 3, 5, 4, 2, 0))
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Isotonic regression isoreg(x =y3 <-c¢(1, 0, 4, 3, 3,5, 4, 2, 3))
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